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Discrimination of fish species by layered neural networks

Eiji Morimoto **, Makoto Nakamura *

Takanorl Katoh *?, Yusuke Suda
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8, and Kenzo Wada **®

The identification and classification of fish species by neural networks with a back propagation algorithm has been

studied on the basis of the truss-protocol method which characterized the features of fish shapes in processing image

information.

The feature vector composed of elements from twenty-one relations among the landmarks normalized by

fish body length was defined as the learning network input alomg with the introduction of two new landmarks for the

parietal region and the eye center. A dual structured network learning was developed to improve the test results for

the population of eleven species, showing satisfactory accuracy in the specific sort discrimination and the multi species

recognition.
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